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Parameter Value
Network size 500x500x150 (m)
Jammer UAV velocity(v,,,) 3 [m/iteration)
Malicious UAV velocity(v,, ;) 3 (m/iteration)
Thermal noise power(c%) -101 (dBm)
Malicious BS location 100,100,0
Malicious BS transmit power(2,;) 30 (W)
Jammer UAV initial beamwidth 60 °
Jammer UAV beamwidth angle interval 10°
Jammer UAV initial transmit power 5(W)
Jammer UAV transmit power interval 1(W)
Bandwidth(BW) 20 (MHz)
Carrier frequency 2.4 (GHz)
Discount factor 0.99
Learning rate 0.0001
¥ 1. Simulation parameters
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